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Receptive Field Type Input Layer of TAM Network Using Gabor Function
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TAM (Topographic Attentive Mapping) network is a biologically-motivated neural net-

work. Gabor function is a receptive field model and can detect orientations of objects using a
Gaussian envelope and sine/cosine function. In this paper, we formulate a receptive field type
input layer for TAM network using Gabor filtering to receptive field of human visual cortex.
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Fig. 1: Gabor Function
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Gabor Functions (16 Orlentations)
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Fig. 2: Gabor Filtering Process
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Fig. 3: TAM Network
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Fig. 4: Training Image of ‘A’
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Fig. 5: Training Image of ‘B’
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Fig. 6: Checking Image
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Fig. 7: Image after Gabor Filtering
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Fig. 8: Detecting of Contourss of Input Images
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Fig. 9: Gabor Functions for Detecting Contours
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Fig. 10: Recognition Rate
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Fig. 11: Recognition Rate of Four Types of Image ‘A’
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