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Abstract

The development of the Internet has become a widespread social problem

of spam. As a result, many mail user agent software are developed that have the function
of spam filtering. However, in these filters, they only have the probabilistic selection
methods, and the distinction methods are not based on the kind and structure of spam

mail.

In this paper, we propose an analysis model that estimate the distinction class of spam
mail by various input properties. These properties are picked out by extracting the header
fields and body text of spam mails. Then, we classify time-seriesed mail dataset by us-
ing data mining methods, and verify the classification by n-fold cross validation method.
Finally, we make a study of its usefulness by actually received mail.
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Fig.1 composition of analysis datasets
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Table 1 number of analyzed mail dataset
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Fig.4 decision tree, No.2
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Fig.5 decision tree, No.3
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Fig.8 percentage of non-multipart mail
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