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The TAM Network (Topographic Attentive Mapping Network) based on a biologically-motivated

neural network model is an especially effective model. When the network makes an incorrect output prediction,
the attentional feedback circuit modulates the learning rates and adds a node to the category layer in order
to improve the network’s prediction accuracy. In this paper, a pruning method for reducing the number of
category and feature nodes is formulated. We discuss here the formulation and show its usefulness through

some examples.
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Fig. 1: TAM Network
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Fig. 2: Training Data 1
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Fig. 3: Training Data 2
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Fig. 4: TAM Network

Fig. 5! TAM Network after Pruning
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Table 1: Results of Checking Data 1

3
n 0 0.1 0.4 0.8
0.05 0.0 | 0-0-2 0.0 | 0-0-2 0.0 | 0-0-2
0.005 | 0.005 73.3 | 1-2-2 97.8 | 1-2-2 75.5 | 1-2-2
0.0005 || 91.1 | 1-3.7-2 || 84.4 | 1-3.3-2 || 86.7 | 1-4-2
0.05 0.0 | 0-0-2 0.0 | 0-0-2 0.0 | 0-0-2
0.2 0.005 73.3 | 1-2-2 95.5 | 1-2-2 75.5 | 1-2-2
0.0005 || 93.3 | 1-3.7-2 || 88.9 | 1-3.3-2 || 88.9 | 1-4-2
0.05 0.0 | 0-0-2 0.0 | 0-0-2 0.0 | 0-0-2
0.5 0.005 73.3 | 1-2-2 97.8 | 1-2-2 75.5 | 1-2-2
0.0005 || 91.1 | 1-3.7-2 || 84.4 | 1-3.3-2 || 86.7 | 1-4-2
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