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Abstract  Reinforcement learning has been studied as an unsupervised learning method. Alter-
natively, BCI(Brain computer interface) comes into the research limelight recently. However, non-
synchronous spontaneous action potentials and evoked action potentials exist noisy brain signal,
and we need an interface model which exists between brain and machine for control and stability.
In this paper, we propose a collaborative learning system consisting of reinforcement learning and
brain signal in BCI. Brain signal is interpreted as a deliberate assignment of the subject, and we
utilize reinforcement learning in control and stability for BCI. We apply the collaborative learning
to maze problem and show the usefulness of the proposed system.
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Fig. 1: Proposed Collaborative Learning System
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Fig. 3: Comparison of Learning Times
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